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PROBLEM STATEMENT

To determine the choice of task and device in developing an assistive tool for detection and monitoring of ALS

MOTIVATION EXPERIMENTS

4 Need for detection of ALS: Early detection helps better management 4 50 subjects, 5 fold cross validation setup.

A Per fold : 5 ALS & 5 Healthy Controls balanced for ALS severity, age and language.
A Classifiers : Support Vector Machines (SVM) & Deep Neural Networks (DNN)
4 Parameters: Choices of N, = {0.5, 0.8, 1, 2, 3}s with Ng;, = 0.1s. Optimal N,,=0.8s.

A SVM: C & y selected by maximizing the performance on the validation set
DNN: Activation Functions = {'sigmoid’, ‘tanh’, ‘relu’}

4 Monitoring of ALS: Following the progress of the condition [1]

CHALLENGES

A |dentifying speech cues that help in better diagnosis [2].
4 Access for people of different socio-economic backgrounds
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